Text Mining to Understand Gender
Issues: Stories from The Red Pill,
Men’s Rights, and Feminism
Movements

by

Abeer Khan

A thesis
presented to the University of Waterloo
in fulfillment of the
thesis requirement for the degree of
Master of Mathematics
in
Computer Science

Waterloo, Ontario, Canada, 2019

(© Abeer Khan 2019



I hereby declare that I am the sole author of this thesis. This is a true copy of the thesis,
including any required final revisions, as accepted by my examiners.

I understand that my thesis may be made electronically available to the public.

11



Abstract

Addressing gender issues has become important worldwide. The United Nations (UN)
endorses big data projects as a valuable tool to monitor its gender-related development
goals. In this thesis, we first motivate the examination of The Red Pill, Men’s Rights, and
Feminism movements to identify gender issues. We present data-mining methodologies to
analyze over 40,000 posts and 2 billion comments that were made on social media in relation
to these social movements. Specifically, we examine the themes these movements discuss
and their perspectives on them. We also analyze the people involved with these movements,
by comparing their discussions and interests with other online communities. Our analysis
leads to three main findings. First, gender movements discuss workplace sexism, personal
safety, rape, and legal issues among other gender issues, and different movements often
have different perspectives on these issues. Second, people involved with the Men’s Rights
movement are similar to people who are politically right-leaning and associated with sexist
or racist content, whereas people involved with the Feminism movement are similar to
those who are politically left-leaning, support minorities, body acceptance, and survivors
of sexual assault. Third, people involved with The Red Pill movement are similar to those
who do not believe in the egalitarianism of race or gender. We obtain insights beneficial
to entities affected by gender issues, such as governments, and international organizations
such as the UN Women.
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Chapter 1

Introduction

Addressing gender issues has become important worldwide. The employment rate for
women in the European Union (EU) is 66.6%, as compared to 78% for men [19]. Research
in Ireland has indicated that men are less likely to seek help for mental health issues [35]. It
has been reported that some women in North America are less satisfied with their engineer-
ing work experiences than men [17]. Therefore, it is unsurprising that Canada prioritizes
gender equality in its international efforts [67]. Similarly, the European Commission has
committed to promoting gender equity in the EU [18]. Furthermore, the United Nations
Women endorses the use of big data to monitor its gender-related goals [55].

The push to use data to help resolve gender issues is reminiscent of a recent drive to use
data for social good, where researchers stated “... data from computerized social service,
education, and health records; open data portals; social media posts; web searches; and
mobile GPS devices and sensors can help to illuminate social problems and propel effective
solutions.” [23]. Social media posts, in particular, act as unfiltered and uncensored sources
of public opinion on a variety of topics [99]. In fact, online platforms that also provide
anonymity to its users especially allow individuals to speak freely about controversial,
personal, or intimate topics [33]. These advantages have made social media a suitable
venue for people to express sensitive gender-related issues. For example, sexual assault
survivors have used the Twitter hashtag #ididnotreport to share unreported experiences
with sexual assault or street harassment [18]. Therefore, in this research, we find and
analyze social media data to describe the various gender issues people currently face.

The challenge of finding and analyzing social media data relevant to a particular social
issue (such as gender issues) has been faced in prior work in the context of racial issues.
Choudhury et al. [26] examined issues of racial conflict and misconduct by analyzing tweets



about the #BlackLivesMatter social movement. Their work used social media as “a sensor
for quantifying discourse around sensitive topics such as race and societal violence” and
serves as our inspiration for the use of social media posts generated by social movements
to understand related social issues. In particular, in this thesis, we use social media posts
generated by gender movements to understand gender issues. There are many gender
movements with a social media presence, for example Feminism, #MeToo, #NotAllMen,
The Red Pill, and Men’s Rights.

Topically, close to our research is the recent work of Lucy et al. [50], who linguistically
analyzed gender forums on Reddit, a large social media platform with over 200 million
monthly users’. These forums discussed fashion advice, general advice, and men’s rights.
They found that some gender forums have few users in common but are still textually
similar and that the same words may be associated with different sentiments when used
by different gender forums. Their analysis is primarily linguistic. Our work differs in that
we focus on identifying the issues being discussed and increasing our understanding of the
users of these forums.

In this thesis, we analyze social movements related to gender by mining over 40,000
posts and almost 2 billion comments from Reddit. These posts are labeled with the gender
movement that generated them, but not with the specific issue they address. We also have
limited information about the people who generated this content because Reddit users are
not required to reveal personal information (such as other interests or affiliations) on the
platform. Moreover, creating a Reddit account only requires a username and password;
thus users usually remain anonymous. Therefore, our technical challenge is to extract
useful information from the available data to understand the content being generated and
the people involved with gender movements. In particular, we analyze the posts and
comments generated by The Red Pill, Men’s Rights, and Feminism movements, since they
are the largest gender movements on Reddit.

Specifically, we address the following research questions:

RQ 1: What are the issues The Red Pill, Men’s Rights, and Feminism movements
post about online?

RQ 2: What are the characteristics of people who comment on The Red Pill, Men’s
Rights, and Feminism movements?

To answer RQ1, we use text mining methods such as topic-modeling to extract the
topics discussed by gender movements. To address RQ2, we use a vector representation

1Reddit usage statistics can be found here.


https://www.redditinc.com/press

of the people involved with a gender movement. This vector has 2047 dimensions and
summarizes user interests by mining their commenting activity. Such vector representations
of people’s interests allow us to analyze and compare the people involved with gender
movements. To the best of our knowledge, there is no prior work that mines a large social
media dataset to obtain insights on both the issues and people associated with gender
movements. The main findings of this research are as follows.

We discovered that gender movements post about issues such as family law, sexual
violence, personal safety, dating, consent, media representations, workplace sexism, work-
place harassment, criminal justice system, pink tax, and gender differences in education.
Different gender movements offer different perspectives on certain issues. For example,
Men’s Rights discusses false rape accusations in addition to sexual assault faced by men,
whereas Feminism primarily discusses sexual assault faced by women.

We also extracted several data-driven characteristics of the people involved with gender
movements. First, the people who comment on The Red Pill movement are similar to
other gender communities such as Men’s Rights and Incels, and to people who reject
egalitarianism of race and gender. Second, the people who comment on the Men’s Rights
movement are similar to politically conservative communities, people whose content is
known to be racist and misogynist, and people who are interested in Jordan Peterson
and atheism. Third, the people who comment on the Feminism movement are similar to
groups who are politically less conservative, are helpful to various minority groups (related
to disability, race, and orientation), provide counseling to victims of sexual violence, are
against a Men’s Rights group on Reddit, and promote body acceptance.

The remainder of this thesis is organized as follows. Chapter 2 discusses related work.
Chapter 3 introduces our dataset. Chapter 4 describes our methodology. Chapter 5 dis-
cusses the experimental results. Chapter 6 discusses and contextualizes our results, and
Chapter 7 concludes the thesis with the implications of our findings and directions for
future work.



Chapter 2

Related Work

This thesis is related to two bodies of work: text mining and gender movements. In the
context of text mining, we apply state-of-the-art information retrieval techniques (discussed
in detail in Chapter 4). In terms of gender movements, to the best of our knowledge, we
are the first to leverage large social media datasets to extract gender issues. Prior research
in this area has been both data-driven and qualitative.

First, we discuss data-driven analyses of gender movements. These did not examine
the issues or people involved with gender movements.

Field et al. [30] studied how people were portrayed in nearly 30,000 news articles
covering the #MeToo movement. They generated sentiment, power, and agency scores
for entities in these news articles using word embeddings and supervised learning, and
found that these articles are sympathetic towards women who have experienced sexual
harassment, and present accused men as powerful. For example, entities such as Justice
Steven O’Neill and Donald Trump were portrayed as powerful in articles covering the
#MeToo movement. In contrast to Field et al., we examine the discourse of a movement
rather than its media coverage, in order to understand the issues and people involved,
rather than how they are portrayed.

LaViolette et al. [51] examined over 670,000 comments made in two gender forums on
Reddit, Men’s Rights and Men’s Liberation. They used a combination of text classifica-
tion models and qualitative analysis, and identified the linguistic features that distinguish
Men’s Rights and Men’s Liberation. For example, words that were unique to Men’s Rights
included criminality, law and the justice system-related words such as accusation, arrest,
charge, etc. Men’s Liberations contained many more identity and emotion-oriented phrases
such as gendered, feminine, vulnerable, and insecurity. Lucy et al. [50] also linguistically
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analyzed several gender communities on Reddit. They found that these communities have
few users in common but are textually similar, and that the same word is sometimes asso-
ciated with different sentiments when used by different gender communities. For example,
the word “obsessed” is used positively by a community discussing female fashion but is
used negatively by a Men’s Rights community. Furthermore, the comments made by female
and male fashion advice groups had high text similarity, but low user similarity. These
works were linguistic and did not focus on the topics or issues discussed.

An informal survey of Men’s Rights users on Reddit discovered that survey participants
were mostly male, white, between the ages of 17 to 20, indifferent to religion, and politically
strongly conservative [102]. However, this survey naturally suffers from a self-selection bias,
whereas our analysis uses all Men’s Rights discourses to understand their users.

Next, we review research that has analyzed the issues pursued by gender movements.

Prior work on the Feminism movement shows that Feminism has focused on a variety of
legal and social equality issues that influence women, evolving through the decades. These
issues included the right to vote, equality in the workplace, and violence against women
[13, 76, 14]. These analyses are either historical (documenting the Feminist movement
throughout the 19th and 20th centuries) or qualitative (using interviews and surveys).
Moreover, contemporary analysis of Feminism often focuses on sexual violence, for example
examining the #MeToo and #Intersectionality movements [101, 30], whereas we analyze
all current Feminist issues that emerge in Reddit discussions.

Scholarly and popular media analyses of the issues discussed by movements such as
Men’s Rights and The Red Pill are similarly historical or qualitative. Ging analyzed the
online discourse of The Red Pill and associated communities to state theories about the
masculinities adopted by these communities and analyze their assumptions. [35]. Men’s
Rights groups have been found to discuss issues such as family courts, male circumcision,
domestic violence, and education [59, 2, 64, 97].

We emphasize that our research yields data-driven results on gender issues and people;
we do not seek out to verify specific results that have been observed in prior work. This
thesis also does not attempt to verify whether or not the claims made by movements are
true, i.e., we extract the issues that are discussed by the movements without attempting
to verify that the issues genuinely occur.



Chapter 3

Data

Reddit (reddit.com) is a social curation website where registered users submit content in
the form of links or text posts. Users form and join interest-based forums called subred-
dits (for example, r/lifehacks or r/StarWars), and within these forums they post relevant
content. Other users can comment on these posts (Figure 3.2). A subreddit’s name and
optional description suggests the main interest of the users of the subreddit (Figure 3.1).
Throughout this thesis, we use the terms “forum”, “interest-group”, and “subreddit” in-
terchangeably. There are over a million subreddits on Reddit!.

We sort the subreddits by the number of subscribers they have, according to reddit-
metrics.com. Figure 3.3 shows the largest subreddits. We manually select the top subred-
dits with clearly gender-oriented names: r/TwoXChromosomes, r/AskMen, r/AskWomen,
r/TheRedPill, r/TrollY Chromosome, r/MensRights, r/Feminism. At the time of selection,
all of these subreddits had more than 90,000 subscribers. We discard r/TwoXChromosomes
since it is a “default” subreddit (to which users were automatically subscribed if they cre-
ated a Reddit account before 2017%). We also discard r/TrollY Chromosome since its users
primarily share images with little text. The remaining five subreddits form our list of gen-
der subreddits. Of these, r/AskMen and r/AskWomen contain generic gender discussions.
They are general Q&A forums seeking advice from men’s and women’s perspectives, re-
spectively. The remaining three gender subreddits are aligned with gender movements. In
our analysis, we focus on movement subreddits and we compare them to the corresponding
generic gender forums.

!Subreddit count can be found here.
2User curated list of default subreddits used by prior work [50] is available here.
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Figure 3.1: The structure of a typical subreddit. All posts and comments on this subreddit
are pertinent to Star Wars. This subreddit also has a description of its main interests, in
this case, Star Wars. User names have been redacted for privacy.
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Rank Subreddit Subscribers

1 funny 19895474
2 AskReddit 19510110
3todayilearned 18981496
4 worldnews 18977231
5Science 18932710
6 pics 18886430
7 gaming 18413642
81AMA 18097375
9videos 17973194
10 movies 17824982
11 aww 17433245
12 Music 17051188
13blog 16507239
14 gifs 16321999
15 news 16218736
16 explainlikeimfive = 15705452
17 askscience 15634059
18 EarthPorn 15529380
19 books 14732532
20television 14730352

21 mildlyinteresting = 14477756
22 Showerthoughts =~ 14344618

23 LifeProTips 14254907
24 space 13998772
25DIY 13915297
26 Jokes 13829496
27 gadgets 13710381
28 nottheonion 13651430
29 sports 13542942
30 food 13533040
31tifu 13398895

Figure 3.3: Subreddits with the highest number of subscribers. The gender-oriented sub-
reddits were found farther down, approximately ranked between the top 50 to 500 in terms
of number of subscribers.



Table 3.1 shows the number of posts, comments, and subscribers associated with the
gender subreddits.

Table 3.1: Gender Subreddits Statistics

s&erziilri ¢ # subs | # posts | # comments | # users
r/TheRedPill 250K 47K 1.6M 80K
r/MensRights | 170K 80K 1.6M 100K
r/Feminism 90K 40K 170K 30K
r/AskMen 500K 200K 6.5M 330K
r/AskWomen 500K 170K 5.5M 250K

Reddit users are not required to reveal personal information on the platform. Therefore,
it is non-trivial to understand the people involved with particular subreddits. We leverage
the interest-based organization of Reddit to characterize the users of gender subreddits,
examining the content of the users’ comments and where they choose to comment.

Our analysis was conducted on data publicly available on Google Big Query. We use
three years of Reddit post and comment data, from December 2015 to December 2018.
The source code is available on our project Github.

10
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Chapter 4

Methodology

The goal of this thesis is to understand gender movements using Reddit. We categorize
our methodology by which research question it seeks to answer. Figure 4.1 summarizes
the overall methodology. As shown in Figure 4.1, Sections 4.1 and 4.2 investigate the
content generated by gender movements, despite the lack of fine-grained topical information
within a subreddit. These sections use posts data (from gender subreddits, and “control”
subreddits that are unrelated to gender, to be explained in Section 4.2). Sections 4.3.1 and
4.3.2 study the people associated with movement subreddits, despite the lack of personal
information. These sections use comments data (from all subreddits, not just gender ones).
We mention some notable limitations of our methodology in Section 4.4.

Throughout our text mining methods, we distinguish between “syntactic” and “se-
mantic” techniques. Semantic methods capture the meaning of text, whereas syntactic
methods represent text using word counts or sentence structure. Whenever we claim a
certain method captures semantics better than another, we will clarify how the meaning
of text was captured.

4.1 Themes & Perspectives Extraction

Here, we discover the themes discussed across gender subreddits, and the different perspec-
tives expressed in the discussions. Broadly, we (1) extract the fine-grained topics discussed
in each subreddit. (2) For each subreddit, we cluster together the subreddit’s posts which
discuss the same topic. (3) For each subreddit, we read random samples of 15-20 posts
categorized under each topic to make qualitative statements about the various perspectives

11



Themes &
Perspectives
expressed in

each subreddit

Posts from
gendered
subreddits

Content Analysis
(Themes & Perspectives Extraction +
Keyword Extraction)

Keywords used in
each subreddit to
discuss each theme

Posts from
control
subreddits

Similar user bases
(syntactic & semantic
text analysis)

Comments
from all
subreddits

User Analysis
(Similarity in comment text +
Similarity in commenting activity)

Similar user bases
(commenting activity)

Figure 4.1: Overview of our methodology that uses posts and comments to understand
content and people, respectively

the subreddit contains regarding that topic. (4) We finally merge related topics within and
across subreddits into broader themes. At this step, each theme consists of similar topics
and each subreddit may have different perspectives on these themes, as judged during step
(3). We perform these steps on data that has been preprocessed, as explained below.

4.1.1 Data Preprocessing

We use only posts (not comments) to extract the topics being discussed. Comments on a
post do not necessarily contain text informative of the topic being discussed. For example,
a post may state “I love gardening!”. Someone may comment “So do I!”, which, on its
own, does not contain any information on the topic being discussed (i.e. gardening). We
preprocess the posts from each gender subreddit as described below.

e We use Ekphrasis, a text preprocessing tool for social media [7], to compress elongated
words (“yaaaay” — “yay”), correct common misspellings (“korrect” — “correct”),
segment hashtags (“#tvseries” — “tv series”), and unpack contractions
(“can’t” — “can not”).

12



e We stem each word using the Snowball tokenizer [74], reducing inflections of words
to their roots (“leaving” — “leav”) .

e We remove standard stop-words such as “the” and “is” [72]. We also remove words
that occur in fewer than 1% (too rare) and in more than 95% (too popular) of the
posts in a subreddit.

e We discard posts that are too short (with fewer than 256 characters) or too long
(with more than 4096 characters) after cleaning. Posts that are too short may not
contain enough text to deduce the topic being discussed, whereas posts that are too
long may encompass more than one topic. The threshold of 256 - 4096 characters
has been used by prior work that mined Reddit text [11]. We discovered that more
than 80% of posts are too short; they are sometimes short questions the poster asked
subreddit readers, sometimes URLs, sometimes images with little to no text, and at
other times spam.

Between 5% (2K posts) to 20% (20K posts) of the posts in each subreddit are left after
preprocessing (see Table 4.1).

Table 4.1: Number of posts used remaining cleaning for Content Analysis (Themes, Per-
spectives, and associated Keywords Extraction)

Gendered subreddit | Before cleaning | After cleaning

2T #] %
r/TheRedPill 47K | 8K 18.2%
r/MensRights 80K | 8K | 10.9%
r/Feminism 40K | 2K 4.5%
r/AskMen 200K | 20K 9.5%
r/AskWomen 170K | 7K 4.6%

We now explain how we extract the themes and perspectives discussed by these posts.
4.1.2 Topic Extraction

We extract the topics discussed by each gender subreddit using their preprocessed posts.
For simplicity, we describe extracting topics from r/MensRights first.
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Unsupervised topic extraction (or modeling) from a corpus of text documents has been
extensively explored in prior work [1]. Broadly, topic-modeling algorithms identify the top-
ics discussed in the corpus, and quantify the importance of each topic to each document (as-
suming a single document may mention several topics). In our experiments, Non-negative
Matrix Factorization (NMF) was the best topic-modeling algorithm for r/MensRights (and
the other gender subreddits). We will explain this choice later in this section.

NMF ingests the 8K r/MensRights posts, where each post is expressed as a Term
Frequency - Inverse Document Frequency (tf-idf) vector. It also takes as input the number
of topics, K [100]. In our experiments, we chose K = 50 for all the gender subreddits.
This choice of K will be explained later in this section. NMF extracts K topics in the form
of “topic descriptors” (ranked lists of words that describe each topic). It also produces a
ranked list of most suitable topics for each post.

_____remove uninformative terms from——

posts
8K cleaned 50 topic Y
posts in descriptors S
r/MensRights (50 ranked
(tf-idf vectors) / lists of words)
3 ONMF |

8K topics
suggestions
(8K ranked lists
of topics)

(# topics)

Figure 4.2: Topic Extraction: Using NMF to automatically extract topics discussed in
r/MensRights

Figure 4.3 shows examples of the topic descriptors NMF produced. We observed many
uninformative terms despite standard and frequency based stop-word removal during data
preprocessing. These terms did not provide information about what is distinctive about
a topic. They included terms such as “would”, “else”, “also”, besides domain-specific
terms such as “woman” and “man” that are common in gender texts. We removed these
words from the posts and re-used NMF to discover more informative topic descriptors. We
thus iteratively built a custom stop-list of uninformative terms, till NMF produced topic
descriptors without any uninformative words in its top 15 words. Custom stop-lists have
also had to be similarly iteratively built by prior work using topic-modeling [90, 12].

Figure 4.2 summarizes the use of NMF to determine the 50 topics discussed in r/MensRights.
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0: pegp thinne make thing seuse good wa@erson know someth
abort respons would husband wrong say hit kill life word murd
2 @

| men yppress power less societi treat war sexist stem children mani dlffe

Figure 4.3: Sample topic descriptors (ranked lists of words) produced by NMF for
r/Mensrights. Uninformative words are circled.

Figure 4.4 shows examples of the ranked lists of topics NMF suggested for several posts.
Since we limited the lengths of our posts during data preprocessing, we do not expect a
single post to discuss more than one topic. Thus, we choose the highest ranking topic for
each post as its most appropriate or final topic.

topic 2 > topic 5> ...
> topic 47 > topic 5 > ...

Figure 4.4: Ranked lists of topics suggested for each r/Mensrights post. We choose the
highest ranking topic for each post as its final topic (circled).

4.1.3 Perspectives Extraction

We use the above methodology to extract 50 topics from each of the five gender subreddits.
We read these 250 topic descriptors, and 15-20 random posts clustered under each topic (up
to 500 posts overall). We noticed that several topics in different (and often within the same)
subreddits referred to similar themes, and that different subreddits may have different
opinions on the same topic. For example, consider the two topics shown in Figure 4.5,
that demonstrate a similar topic (rape) discussed in both r/MensRights and r/Feminism
(albeit, upon our reading, slightly differently).

4.1.4 Themes Extraction

Based on our readings of the topic descriptors and sample posts, we merge similar topics
and assign labels to them. After merging, we are left with 25 merged topics, which we
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henceforth refer to as themes. These themes may be discussed with different perspectives
in different gender subreddits.

r/MensRights: rape rapist cultur sex consent fals drunk report teach crime law convict fact campus forc
r/Feminism: rape victim accus blame rapist report percent violenc porn drunk case consent alleg fals india

Figure 4.5: Similar topics discussed in different subreddits

The process of themes and perspectives discovery is summarized in Figure 4.6.

Topic Extraction
from r/TheRedPill

Topic Extraction

from r/MensRights | 50 ™ 5 topic
descriptors

25 themes
(with different
perspectives)

Perspectives +

Topic Extraction Themes Extraction*

from r/Feminism

Topic Extraction *reading descriptors
from r/AskMen + random posts from
each topic

Topic Extraction
from r/AskWomen

Figure 4.6: Themes & Perspectives Extraction

Choice of topic-modeling algorithm: Popular topic-modeling algorithms used in prior
work include Latent Direchlet Allocation (LDA), Non-negative Matrix Factorization (NMF),
and variants thereof [I]. LDA and NMF are considered syntactic — they use tf-idf values
and do not account for the contextual meanings of terms. A more recent topic-modeling
algorithm, SeaNMF, is semantics assisted — it incorporates the semantic relationships be-
tween words and their contexts [34].

To the best of our knowledge, none of these three topic-modeling algorithms have been
tested on gender-related corpora. We tested each algorithm on each gender subreddit,
aiming to choose the algorithm that produces good quality topics. A good topic is one
that makes sense (or seems “coherent”) to a human reader. Prior work has quantified this
notion of coherence in the form of various coherence metrics. These metrics measure if the
words in the topic descriptors are likely to co-occur in an external corpus (such as Google
News), or in the internal corpus from which these topics were extracted. They measure
co-occurrence using raw term counts or word embeddings [29, 87]. The coherence value
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is higher for topic descriptors whose words are more likely to co-occur in an external or
internal corpus. A topic-modeling algorithm that produces topics with higher coherence is
assumed to be a better fit for the corpus.

We used three coherence metrics to compare the performance of LDA, NMF, and
SeaNMF on the gender subreddits. These metrics used embeddings trained on stemmed
and unstemmed versions of external (Twitter) and internal (gender subreddits) corpora to
measure the coherence of the topic-models. We observed that none of the three algorithms
were consistently more coherent according to all three coherence metrics.

We then relied on empirical observations to determine the best model. First, we ob-
served that many topics produced by LDA were redundant, i.e., several topics were de-
scribed with the same words (see Figure 4.7). The same observation of redundancy has
been made in prior work that compared the performance of LDA and NMF [68]. We fur-
ther observed that SeaNMF and NMF produced similar topics for the same values of K.
Table 4.2 shows a few such similar pairs. However, NMF took no more than 30 minutes
to converge when extracting K topics from a subreddit while SeaNMF took more than
an hour. Since topic-modeling relies on an interactively built custom stop-list, we prefer
topic-models that converge (and hence can be iterated over) faster. We therefore chose
NMF to extract the topics discussed by gender subreddits.

1: youtub field fix five fit first fire fine find financi final film file figur fight feminist factor
2: sick youtub feminin fit first fire fine find financi final film file figur fight field

17: black white youtub field five fit first fire fine find financi final film file fig

24: gay youtub feminist five fit first fire fine find financi final film file figur

37: movi film charact speech section watch hate train file final youtub fight financi find fine

Figure 4.7: Redundancy in topics extracted by LDA from r/MensRights

Choice of K: NMF requires the number of topics (K) as input. We do not know
K apriori for any of our subreddits!. If we assume too few topics, we may segment
r/MensRights into topics that are too broad. On the other hand, choosing a high value of
K may result in the over-clustering of r/MensRights into many small, highly similar topics
(although each cluster of posts may be more consistent in theme). We tested different
values of K — 10, 50, 100, 200, 300, and 400, and read the topic descriptors produced with
each K. We sought a value of K that did not overlook nuanced topics (found with higher
values of K), even if some topics were redundant. K = 50 satisfied this requirement for

'We only know that all of the r/MensRights posts are pertinent to Men’s Rights. However, we do not
know the specific topic discussed by a post or even how many are discussed across the subreddit.
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Table 4.2: Similar pairs of topics extracted by NMF and SeaNMF from r/MensRights.
Only the top few words are shown because of space constraints.

NMF

| SeaNMF

0: men women man societi woman
right issu masculin

3: women men feminist femin right
equal woman white

1: like get would know go guy want
one feel think say

4: like want would feminist peopl feel
think know get femin

3: rape accus fals sexual assault victim
alleg case crime evid

8: rape savag caller epidem segment
radio nightmar vile

2: number rape percent year report
sexual woman time

2: number year percent time old date
age month report day

all of the gender subreddits. As a result, we chose to extract 50 topics from each gender

subreddit.

4.2 Keyword Extraction for Themes & Perspectives

A word is said to be a keyword for a particular domain if it is commonly used in that
domain but not as commonly used in other, unrelated text. The keywords of a domain
describe what is special or “niche” about that domain. For example, “bipolar disorder” is
a keyword used by the mental health domain.

To identify different perspectives on the same theme, we seek the different keywords
used by each gender subreddit when discussing the same themes. Therefore, for each
subreddit, we examine the topics categorized under each theme and extract lists of keywords
that are common in those topics.

For example, we examine the topics from r/Feminism categorized under Health / Abuse.
Assume that there are three such topics, one discussing rape, another discussing emo-
tional abuse, and a third discussing other health issues. We extract the keywords used by
r/Feminism posts discussing each of these topics, producing three keyword lists. These key-
word lists reflect the various matters r/Feminism discusses within Health / Abuse. We then
combine these three keyword lists to produce a single list of keywords used by r/Feminism
when it discusses Health / Abuse. We repeat this process of topic-wise keyword extraction
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for each theme and each subreddit. Extracting keywords separately from each subreddit
allows us to characterize each subreddit’s perspective.

Extracting keywords, say, used by r/Feminism posts to discuss a topic categorized under
Health / Abuse, say, rape, is non-trivial. We describe our keyword extraction approach
below.

We use a transfer learning approach implemented in prior work to identify the keywords
used in mental health discussions on Reddit [79, 80]. We use the same terminology as in
prior work for consistency. In the rest of this section, we describe extracting the keywords
used by r/Feminism when it discusses the topic of rape (which was categorized under the
theme Health / Abuse). We refer to the r/Feminism posts that discuss rape as Dg. We
compare Dg to posts from control subreddits that are unrelated to gender, referred to
as Dc?. The control subreddits we use are shown in Table 4.3. We ensured they were
unrelated to gender by reading random samples of the subreddits, in addition to their
descriptions. This list overlaps with control subreddits used by prior work [$0].

Table 4.3: Control subreddits used for Keyword Extraction. D¢ consists of posts sampled
from these subreddits.

r/AskProgramming, r/AskReddit, r/Clairvoyantreadings, r/DecidingToBeBetter,
r/ElectricalEngineering, r/food, r/ImmigrationCanada, r/HealthAnxiety, r/sleep,
r/RBI, r/christmas, r/zen, r/worldnews, r/Blackops4, r/resumes

Here, we remove only the standard stop-words from the posts in Dg and D¢, and
do not stem them. Then, we extract all n-grams (n = 1,2,3) from Dg and D¢, along
with their tf-idf scores. We discard n-grams that occur in fewer than 1% (too rare) or
more than 95% (too popular) of the posts in both Dg and Do. We rank the remaining
n-grams in increasing order of their Log Likelihood Ratios (LLRs). The LLR of an n-
gram is determined by calculating the logarithm (base 2) of the ratio of its probability
of occurrence in D¢ and Dg, following add-1 smoothing. For example, Equation 4.1
calculates the LLR of the bigram “sexual assault”, with respect to Dg and D¢. If “sexual
assault” is comparably frequent in both, LLR(“sexual assault”, D¢, D¢) is close to 0.
LLR(“sexual assault”, Dg, D¢) is < 0 when “sexual assault” is more frequent in Dg,

2Some control subreddits have more posts than others (for example, r/Clairvoyantreadings has fewer
posts than r/worldnews). To limit over-representing one control subreddit over another, we used stratified
random sampling, considering each control subreddit as a stratum. In other words, to build D¢, we select
random samples of posts from the control subreddits, such that a post from each control subreddit is
equally likely to be selected. Additionally, we select only as many posts as in Dg.
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and > 0 otherwise. We select the n-grams with LLR < 0 and examine those with the
most negative values. These are the most distinguishing n-grams across Dg and De. We
manually examine the first 100-200 n-grams thus extracted by LLR from r/Feminism posts
on rape (shown in Figure 4.8). Although all of these n-grams are pertinent to rape, there
are a few such as “bollywood” and “accusation” that could refer to other subjects such
as movies or theft accusations, respectively (especially if mentioned independently of the
context of rape or Health / Abuse). We discard such imprecise n-grams®. We retain the rest
as the keywords used by r/Feminism when discussing rape. We repeat this procedure on
the other r/Feminism topics categorized under Health / Abuse, and collect all the keywords
into a single list of keywords that are used by r/Feminism when discussing Health / Abuse.

unigrams  bigrams trigrams

rape rape culture anti rape education
raped sexual assault culture victim blaming
rapes victim blaming  false rape allegations
rapist violence women example anti rape
raping anti rape somebody got raped
byl = == == rape victim considered reported rapes
roosh reported rapes rape sexual assault
madi rape victims women participate rape
bellyweod- - marital rape rape violence women
sehumer — — - false rape prosecuted rapes jailed
jaamla - — = - sexual violence  participate rape culture
medaniel- - - rape allegations  county attorney buhman
mvg get raped fuck judge persky
broek- - - - - getting raped brock turner rape

buhmar = - - false accusations st pight fuskey-
tenalde- — - - problem rape free Fide-party-

femmrer - — - got raped madi police report
furmer = = = - man rape fuck-religious-ideslegies
heather- — — - rape case police report byu
vickms— = = - women raped girls need prince
feminism rape sexual conservative Wk radie
feminist rape education  relgieus ieologies-say
savage - — — - sexually assaulted donald #unp aceused
accusatton = = boys rape blame rape culture
feminists blame rape could #magine-like
islamist korea men- — - canadiarteacher cing
rapists brock turner facing-nighumare south
allegations  amy-schumer -  formerbusiness <olleague
jailed- = = = “reportbynr — - fueleculawe-breeds - -

Figure 4.8: n-grams with most negative LLR values in Health / Abuse discussions in
r/Feminism. n-grams crossed out were deemed imprecise, the remainder are declared
keywords.

P(“sexual assault” in D)

LLR(“sexual assault”, D¢, Do) = log, (4.1)

P(“sexual assault” in D¢)

3We essentially choose precision over recall in keyword extraction, choosing only the n-grams that seem
most characteristic of how rape is discussed by r/Feminism.
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. . D 113 b2l
where P(“sexual assault” in Dg) = # posts in toﬁf@;"’f;ojf:’;zl SSGS““” occurs

In this manner, we extract a list of keywords for each subreddit-theme pair representing
the subreddit’s perspectives on the theme, as summarized in Algorithm 1.

Algorithm 1 Keyword extraction for the themes and perspectives discussed by each gender
subreddit

1: for every gender subreddit G do

2:  for every theme do
3 for every topic in G categorized under theme do
4 D¢ < posts in G discussing topic
5: keywords < EXTRACT_KEYWORDS(Dg)
6: end for
7
8

end for
. end for

We also extract the hashtags used by each gender subreddit. Since hashtags are not
frequently used on Reddit, we do not separately find the hashtags used for each theme,
but extract the hashtags used across the entire subreddit.

4.3 People Involved with Gender Movements

Recall that Reddit contains over a million forums apart from the gender subreddits and
that its users do not provide personal information. In this section, we understand the
people involved with r/TheRedPill, r/MensRights, r/Feminism using the content of their
conversations (Section 4.3.1) and the other interest-groups in which they comment (Section
4.3.2).

4.3.1 Textual Similarity of Comments

If the content of a subreddit, say, r/MensRights, is similar to the content of another
subreddit, say, r/arts, the user base of r/MensRights may be similar to the user base of
r/arts (or could potentially be interested in r/arts). Here, the content of r/MensRights
is the collection of all (textual) comments on r/MensRights. Textual similarity can be
syntactic (Section 4.3.1.1) or semantic (Section 4.3.1.2). Semantic text similarity attempts
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Algorithm 2 extract_keywords(Dg)
Extracts keywords from gender-related text corpus Dg

1:
2:
3:

10:
11:
12:
13:
14:
15:

D¢ < stratified random sample of |Dg| posts from control subreddits
vocab < all words in Dg U D¢
Remove words that occur in fewer than 1% or more than 95% of the posts in D¢ from
vocab
Remove words that occur in fewer than 1% or more than 95% of the posts in D¢ from
vocab
keywords <+ {}
for n in [1,2,3] do

lrs < {}

for n-gram in vocab do

llrsin-gram| < LLR(n-gram, D¢, D)

end for

Select n-grams with negative value of lirs

Sort n-grams by lir

keywords|n] - Manually curate top 100-200 n-grams
end for
return keywords
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to incorporate the meaning of each subreddit’s content, as words can be used in different
contexts, while syntactic text similarity relies on simple word occurrence counts.

4.3.1.1 Syntactic Text Similarity (subreddit2tfidfvec)

Following previous work that calculated the syntactic text similarity of subreddits, we do
not stem or otherwise clean the comments [56]. We express every subreddit as a tf-idf
vector of the unigrams of its content, as compared to all other subreddits. The cosine
similarity of a pair of subreddit tf-idf vectors quantifies how similar they are in terms of
their content.

Specifically, for each gender subreddit, we retrieve the most (syntactically) textually
similar subreddits (as measured by cosine similarity).

We provide an intuitive understanding of this subreddit to tf-idf vector conversion and
similarity calculation in Figure 4.9. Every word used on Reddit is considered as an axis.
For now, assume that “woman” and “man” are the only two words used across Reddit.
r/Feminism may have a higher tf-idf score for “woman” and a lower score for “man”.
r/MensRights might show the opposite trend. r/AskMen will probably fall somewhere in
between, having mentioned “woman” more than r/MensRights (but less than r/Feminism)
and “man” more than r/Feminism. The distance between any pair of subreddits, thus
expressed as vectors, is the angle between them (measured using cosine similarity) which
is (reasonably) higher between r/Feminism and r/MensRights as compared to r/AskMen
and r/MensRights. We can extend this example to millions of axes representing all the
words used on Reddit.

Figure 4.10 shows the final subreddit to tf-idf vector matrix, where each row represents
the tf-idf vector of a subreddit. Here, we only use the words that occur in at least 1% (not
too rare) and fewer than 95% (not too popular) of subreddits. Such words are considered
more informative than words that are used by most subreddits, or by very few.

Similar to Lucy et al. [56], we do not express all subreddits as tf-idf vectors but only
the largest ones (with more than 50K subscribers). We discard the large subreddits that
were also default subreddits. Similar to Lucy et al., we also only use comments made in the
most recent year (from December 2017 to December 2018). There were over 706 million
such comments. In contrast to Lucy et al., at the time of our analysis, 2037 subreddits
satisfied these criteria as compared to their 400.

Drawback: Simple tf-idf vectors do not incorporate the contextual meanings of words.
For example, in our analysis, r/TheRedPill was deemed similar to r/IncelTears. r/IncelTears
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tf-idf /Femini
(“woman”) r/Feminism
r/AskMen
r/MensRights
tf-idf P -
(“dog"), -~ tf-idf
o - (“man”)

Figure 4.9: Every subreddit can be expressed as a tf-idf vector of the words used on Reddit.
Subreddits that are textually more similar have a higher cosine similarity.

words (> 1%, < 95% of subreddits)

man woman dog ...

AskMen .06 = 04 . tf-idf
(r/AskMen, “dog”)

MensRi 07 .05 oo
ghts

,@ science 04 .03 .00

o 2

o

2 pets

&5 P¢ o] 0z .9

3
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Figure 4.10: Subreddit to tf-idf vector matrix (subreddit2tfidfvec). Using only tf-idf values
to represent subreddit content restricts us to syntactic similarity measurements.
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is devoted to mocking Red Pill ideologies. Although it mentions Red Pill terminology, it
does so in a negative context. We attempt to address this disadvantage in the next section
using semantic textual similarity.

4.3.1.2 Semantic Text Similarity (subreddit2embed)

We use pre-trained word2vec embeddings (with 300 dimensions trained on a Twitter corpus
[30]) to find semantic vector representations of subreddits. We express the 2037 subreddits
we used in the previous section as unweighted and weighted embeddings, as described
below.

Each subreddit’s unweighted embedding is the unweighted average of the word embed-
dings of its constituent words, resulting in an unweighted subreddit to embedding matrix
(2037 x 300) [22].

The above matrix does not allow a word have a higher importance to one subreddit over
another (quantified by tf-idf). Thus, as shown in Figure 4.11, we multiply the tf-idf matrix
(2037 x # words) used in the previous section with the pre-trained word2vec embeddings
(# words x 300), to produce a tf-idf weighted subreddit to embedding matrix (2037 x
300) [22].

words 0 1 2 299
Man  Woman dog ..
AskMen 06 04 0 man .06 04 0
MensRi o7 05 .001 woman o7 .05 001
ghts

n
=
T T science 04 03 00 dog 04 03 © .00
O m 2 . 2
o
| . .
0 E—\I' ets
S P 0 02 9 - 0 02 9
n .

Figure 4.11: We multiply the tf-idf vector matrix from Figure 4.10 with pre-trained
word2vec embeddings to produce a (tf-idf weighted) subreddit to embedding matrix. This
matrix can be used to measure the semantic similarity between subreddits.

Similar to the previous section, we calculate the cosine similarities between gender
subreddits and the 2037 largest subreddits, using both unweighted and weighted subreddit
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to embedding (subreddit2embed) matrices. We then retrieve the subreddits most similar to
gender subreddits according to both weighted and unweighted representations. The people
who comment on gender subreddits are likely to be similar to the users of the retrieved
subreddits (or could be interested in their content), while also taking the meanings of their
comments into account.

4.3.2 Commenting Activity Similarity (subreddit2interests)

So far, we have expressed subreddits as vectors to evaluate how textually similar they
are. We now identify other discussions on Reddit in which these users explicitly express an
interest. If a person comments on a subreddit, we assume they are interested in its subject
matter. Furthermore, if the users of, say, r/MensRights, and the users of r/gardening,
express an interest in the same subreddits, then their user bases are said to be similar in
terms of their interests [58].

We express each subreddit in terms of how many users (who commented at least once)
it has in common with every other subreddit. Consider Figure 4.12. For now, assume that
there are only two subreddits, r/pets and r/gardening, apart from the gender subreddits.
We calculate the number of users r/Feminism and r/MensRights have in common (also
called user overlap) with each of r/pets and r/gardening. Notice that this representation
is similar to Figure 4.9, however here the axes represent subreddits rather than words. We
can extend this example to a million axes, each representing a Reddit forum.

Figure 4.13 shows the user overlap matrix, where each row represents the user overlap
vector of a subreddit. This matrix represents over 2 billion Reddit comments made over
three years. Similar to Figure 4.10, we do not use all the subreddits as axes but only the
informative ones, i.e. those that are not too rare and not too popular. Specifically, we rank
subreddits by the number of distinct users* they have and choose the subreddits ranked
between the top 200 to 2000. There were 2047 such subreddits. The top 200 subreddits are
extremely popular and every subreddit has many users in common with them. Conversely,
subreddits ranked below 2000 are not as popular and no other subreddit has many users
in common with them.

We convert the user overlap between each pair of subreddits into positive pointwise
mutual information (PPMI) [66] (analogous to converting term frequencies to tf-idf). For
example, converting the user overlap between r/MensRights and r/pets, represented as
uo(r/MensRights, r/pets), to PPMI involves normalizing the overlap by the total number

4A user of a subreddit is someone who comments on the subreddit.
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r/Feminism

# users (3. 6)
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r/pets

r/AskMen

(4.3)
r/MensRights
(6.2)

# users common with r/gardening

Figure 4.12: Every subreddit can be expressed as a vector of user overlap values (later
converted to PPMI) with the top 200-2000 subreddits on Reddit. Subreddits whose users
have similar interests will have a higher cosine similarity.

of users r/MensRights has in common with other subreddits (horizontal circle in Figure
4.13), and with the total number of users r/pets has in common with other subreddits
(vertical circle in Figure 4.13). We then find the logarithm (base 2) of this normalized
value and we zero out negative values. Equation 4.4 summarizes the conversion of user
overlap to PPMI.

norm = Z uo(r/MensRights with 2047 subreddits) x Zuo(r/pets with all subreddits)

(4.2)
where uo(r/MensRights, r/pets) is the user overlap of r/MensRights and r/pets, i.e. the
number of users who comment in both r/MensRights and r/pets.

uo(r/MensRights, r/pets)
norm

PMI(r/MensRights, r/pets) = log, [ (4.3)

PPMI(r/MensRights, r/pets) =
{PM](T/MensRights, r/pets), it PMI(r/MensRights, r/pets) >0 (4.4)

0, otherwise
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Figure 4.13: Subreddit to user overlap matrix (subreddit2interests). Every cell is further

converted into PPMI values (by normalizing it by the sum of its row and column, taking
its logarithm, and converting it to 0 if it is negative).

Note that the similarities are not commutative. If r/TheRedPill is most similar to r/arts,
it is not necessary that r/arts is most similar to r/TheRedPill (or that r/TheRedPill even
appears in its top few similar subreddits).

Our text and user similarity methods are akin to Latent Semantic Analysis (LSA), a natural
language processing technique to determine document similarity.

4.4 Limitations and Assumptions

There are several limitations of our methodology.

1. The iterative building of custom stop-lists is subjective.
2. Organizing topics into themes is subjective.

3. To decide whether a theme is popular within a subreddit, we only count the number
of posts labelled as belonging to that theme. We do not consider the number of
comments, views, upvotes or downvotes.
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4. We lack a true control subreddit. The ideal control subreddits may be different
for each theme whose keywords we are extracting. If we wish to find the keywords
used to discuss the theme Work, our control subreddits may contain r/worldnews.
However, if we wish extract keywords from political themes, we should not include
r/worldnews as a control subreddit (since news posts can be political).

5. Manual curation of keyword lists is subjective.

6. Our user analyses involve retrieving subreddits most similar to gender subreddits.
Thus, our results only represent user interests on Reddit. We cannot ascertain user
interests that are not explicitly represented as Reddit forums. For example, if the text
in r/MensRights is similar to the text that would be generated by people interested
in arts, but there is no subreddit pertinent to arts on Reddit, we would not discover
the interest r/MensRights users have in arts.
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Chapter 5

Results

This chapter begins with a study of the content generated by gender movements. This
consists of an analysis of the themes and perspectives discussed by gender movements (Sec-
tion 5.1) and the niche keywords associated with these discussions (Section 5.2). Finally,
we analyze the people involved with these movements by examining which other interest
groups they are similar to (Section 5.3). Throughout our analysis, we come across gender-
related vernacular and subreddits. While readers may be familiar with some of them, we
have also described them in an Appendix at the end of this report.

5.1 Themes & Perspectives

First, we provide an overview of the themes that are discussed in gender subreddits (Section
5.1.1). We then expand on the different perspectives that exist on them. (Section 5.1.2).

5.1.1 Themes

We discovered 24 themes discussed across gender subreddits. Our Github page lists the
topic descriptors from each subreddit that were merged to form each theme. Table 5.1
lists the themes and the proportion of posts in each subreddit that discuss each theme.
Figures 5.1, 5.2, 5.3, 5.4, and 5.5 show how popular these themes are in r/TheRedPill,
r/MensRights, r/Feminism, r/AskMen, and r/AskWomen, respectively.
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Not all themes are equally discussed by all subreddits. Gender Movements, Political Issues,
Criminal Justice System, and Other Social Issues were mentioned only by the gender move-
ment subreddits. Other themes were discussed only in the generic subreddits r/AskMen
and r/AskWomen. These were Drinking, Cars, Other Health Issues, Living Concerns,

Food, Age, and Hobbies. Most themes were discussed across several subreddits in different
contexts, as explained in the next section.
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Figure 5.1: Themes distribution in r/TheRedPill

5.1.2 Perspectives

Here, we examine the different contexts in which different subreddits discussed various
themes. We extracted these perspectives when we read random samples of posts categorized
under each topic in each theme (Section 4.1.3). For each theme, we first examine the

perspectives of gender movements, and then the perspectives of generic gender subreddits
(if they exist).

5.1.2.1 Health / Abuse (Figure 5.6)

e Posts in both r/Feminism and r/MensRights discuss topics such as rape, harassment,
consent, and culture (for example, hookup, sex, or rape culture in society).

31



(MOI W0))0() POPIRISIP puUR ASIOU 00) PowPop dlom so1doy
owog ‘sndioo o ur $3s0d Jo # [e109 o) 09 109dser YIM ST 9  [RIOT,, OUL, “HNPpaIqus jery ut sysod jo #
[2107 9} 07 309dsal YIm ST JIPPAIQNS [Oed 10 0 O], ‘SWILIOJ I9PUS3 SSOIDR PISSTIOSIP SO, :T°G 9[(R],

| ee08 | ey | ISTT | a8y | sscr | g9ey |  popreosip sysod £sioy |
| oot | sevle | L9€ |qLer| ze6T | savL | 2ot | 908 | ovo1 | 6€19 | 67°8¢ | 01T | re107, |
er'l €8¢ 0 0 0 0 0 0 89°C VEL | 96T 67¢ SolqqoH
9¢'1 qcv 0 0 0 0 0 0 VL'¢ LET | 9C°C 88¢ EEAY
7670 91¢ 0 0 0 0 0 0 0 0 V¢ 91¢ POoHq
80°C €0L 0 0 0 0 0 0 7’9 ¢Ge | 66C 18€ SUIDUO)) FUIAIT]
0 7l 0 0 0 0 0 0 ¢8'C 34! 0 0 SOUSST 3[eoH 1930
18°0 GLC 0 0 0 0 0 0 0 0 91°¢C GLC SIeD)
0’1 e 0 0 0 0 0 0 0 0 LC e sunuri
¢l I¥4% €8°L | 60T €e'C ¢ST 06°T 0¢T 0 0 0 0 SONSST [eOS P10
9L'1 g6¢ 18T 9¢ 0 0 0 0 89°C Vel | ¢v'e ey sourer) 0optA / s310dg
09°0 102 0 0 L8°C 10¢ 0 0 0 0 0 0 WYSAG 9O1ISN[ [RUIUILL)
¢6°0 60¢€ L1 (@ 181 g} 0 0 8L°C 6€T 0 0 sonssT eAIONpOIday
290 gcc 687 89 10°C 261 0 0 0 0 0 0 SONSST [eo[0
888 | 666¢ | ¢I'6 | LcT | OI'ST | VIVI | 69F Vi€ | 6€° 1T | 699 | ¢SV GLG osnqy / yiresHq
¢L'C 616 0 0 8C'C SLT €9°C 08T 86°C 6VL | ¥C'€ ¢y Asuoly
Qv | 9evT | 99°€ 14 ¢6'9 174 8C'C 9¢T1 0 0 Iva 889 uoryesnpy
Ge¥ | 0LvL | 166 | Q€T I1¢'TT 9.8 1cv 88¢ 9¢°¢€ 891 0 0 RIPSIN
9¢¥ | TLVL | LV'61 | TLC | SE€01 118 8L°C 06T 86°¢ 66T 0 0 SONSST Jopuaf) 19310
876 | ¢0cE | 6€8T | 99¢ | G9°€T | 6901 | 09°LC | L8KI 0 0 0 0 SHUSWOAOIA Iopuof)
8T | 6V9T | LTIV 8¢ 0 0 €9 9¢cv 91'¥ 80¢ | ¢4'L 196 w0 / Xog
L69 | C49€¢ | 80'C 6¢ LTOT | 961 80°L 8y 0s°¢ GLT | €89 698 Afrure ]
80°L | 68€¢ | 4C9 L8 167 ¥8€ €9°¢ 08T | LC'TT | €99 | €¢6 | QLTI AIOM
61°¥T | C6LV | 8€V 19 V16 VIL | 8¥'FT | 066 | LO'ST | €06 | 6991 | ¥CIC sdrysuoryerayy
9¢°GT | €9¢¢ | 10¢ e 0 0 9L°6T | TGET | L8LT | €68 | €V'EC | T186C Sunaq / Suneq
1€°6T | ’91¢ | ¢O'€ v 0 0 7O 1¢ | 0SFT | ¢1°9¢ | GOET | OF'ST | T¥Ee | Surwoory) / wrealsy Jog
w | # | | # | o | # | % | # [ % | # [ % | #
[e107, WSTUTWE /1 | SIYSTYSUSIA/1 | [[IJPOYRYL/1 | USWOMYSY /1 | TSNS /1 souIaYJ,

32



Themes

5

|IIIIIIIIIIII
&
&

25

o " o
o~ — =

wsiuiwad/a ul sysod Jo o

Figure 5.2: Themes distribution in r/MensRights

R R 4 8
™~ ™ -

SIYBIYsUB/I Ul S350d JO % Yoo,

5
0

!
o
&

33

0

Figure 5.3: Themes distribution in r/Feminism



25

[ |

[ |

[ |

||

[ |

[ |

[ |

||

[ |

[ ]

]

[ ]

[ ]

]

|

|

S 4 g w°w °
uBASY/ Ul s150d JO %

Themes

Figure 5.4: Themes distribution in r/AskMen

25

0
5

wy [=]
— =

uswoasy/d ul sysod Jo 9

2

0

Themes

Figure 5.5: Themes distribution in r/AskWomen

34



r/Feminism posts seek help for dealing with violence faced in one’s life. Posts also
mention societal problems such as rape jokes and rape culture.

r/MensRights posts similarly seek help dealing with violence against men. Posts also
discuss repercussions of accusations against men, with topics such as false accusa-
tions, due process, and regret after sexual encounters. r/MensRights posts discuss
other forms of abuse against men, for example, male genital mutilation (mgm or
childhood circumecision) and domestic violence against men. They also discuss health
problems such as increasing rates of suicide and mental health issues among men.

r/TheRedPill posts are noticeably different than r/MensRights and r/Feminism.
r/TheRedPill posts discuss rape in the context of false accusations, mentioning how
concepts such as feminine imperative, social justice warriors, or Feminism could con-
tribute to women falsely accusing men of rape. r/TheRedPill posts also talk about
the emotional manipulation of and by women.

r/AskMen and r/AskWomen posts are concerned with dealing with emotions, physi-
cal abuse, mental health issues, and finding happiness. r/AskWomen posts addition-
ally refer to personal safety and sexual assault.

r/AskMen r/AskWomen

- emotional health
- physical abuse
_, —mental health
-~ -personal safety
- sexual assault

Ith / Abuse

T

- emotional health
- physical abuse
- mental health».__

_H

-
- emot manipulation
- rape - false acc, - rape, harassment
fem imperative, sjw, - consent

: P MW._ rape, harassment, dv | It
tips to protect male victims, prison - sexual assau

t/TheRedPill - due process, false

acc, legal, consent,
culture

- mgm

- suicide, mental health

Figure 5.6: Perspectives on Health / Abuse.
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5.1.2.2 Reproductive Issues (Figure 5.7)

e r/Feminism posts mention reproductive issues such as abortion and birth control.
r/MensRights posts discuss related concerns, for example abortion choice and parental
rights for men (such as being able to sign them away, including but not limited to
when raped).

e r/AskWomen is the only other subreddit that mentions reproductive issues. These
posts seek birth control advice, among other common concerns.

r/ AskWomen

v - hirth control advice

Reproductive Issues
T

- abortion rights women
- abortion rights men _ birth control

- parental rights men
r/MensRights

Figure 5.7: Perspectives on Reproductive Issues.

5.1.2.3 Criminal Justice System (Figure 5.8)

This theme appears in r/MensRights. Posts reference gender differences in how laws are
enforced (in favour of women), how the law or courts may be unfairly taken advantage
of (to the detriment of men), due process (or lack thereof), and prison rape (its higher
incidence in men’s prisons, and the insensitivity with which it is regarded by society).

Criminal Justice System

- differential justice
- advantage of laws
- due process
- prison rape

r/MensRights

Figure 5.8: Perspectives on Criminal Justice System.
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5.1.2.4 Other Gender Issues (Figure 5.9)

This theme overlaps with others.

e r/Feminism posts discuss gender differences in societal roles, stereotypes, and expec-
tations, mentioning differences in industries such as sports. The issues they discuss
include pink tax, wage gap, toxic masculinity, and sexism in language and culture.
r/Feminism posts also discuss gender-related education and research.

e r/MensRights posts discuss gender differences in societal roles and expectations as
well. They refer to topics such as pay gap, promotions gap, mandatory military
drafts, male genital mutilation, inequity in the treatment of men and women, and
the idea of masculinity.

e r/TheRedPill posts frequently discuss ideas of masculinity and femininity. They
mention biological or societal differences between men and women.

e The generic gender subreddits do not discuss this theme.

Other Gender Issues

- s - pink tax
- mascu\inity - wage gap
- femininity  _ wage gap - toxic masculinity

- differences _ promotions gap - sexism language

r/TheRedpill_] - military draft - sexism culture

-mgm - education. research

- unequal treatment -
L r/Feminism
- masculinit
r/MensRights

Figure 5.9: Perspectives on Other Gender Issues.

5.1.2.5 Other Social Issues (Figure 5.10)

e r/MensRights posts discuss issues such as racial bias in the context of men. These
issues include, for example, higher number of rape accusations against black men and
racism against non-minority races (such as through quotas for minority races).
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e r/Feminism posts refer to race and privilege as well (in the context of women). For
example, they mention struggles faced by black women. Posts discuss cultural appro-
priation, intersectionality, and politics (for instance, the political leanings of white
women) as well.

e 1/TheRedPill posts are noticeably different from the above. Discussions on social
issues are more right-leaning!. Race is also discussed in the context of femininity (for
example, mentioning that black women may be less feminine).

Other Social Issues

.
.
-

a T

- femininity - racial privilege
- (right leaning) racial - lgbtq
discussions - intersectionality

r/TheRedpPill . T appropriation
- racial privilege
r/MensRights

Figure 5.10: Perspectives on Other Social Issues.

5.1.2.6 Education (Figure 5.11)

e r/Feminism posts contain stories of sexism in schools at various educational levels,
such as sexist teachings and dress codes.

e r/MensRights discusses discontent on educational matters such as boys falling behind
in school, the allotment of educational funds in favour of women, the struggles of male

teachers, the encouragement of safe spaces on campuses, and educational policies such
as Title IX.

e Posts in r/TheRedPill are not specifically about education. They are largely stories
from school put into a Red Pill context. For example, a post references one’s success
or failure in adopting Red Pill recommendations in social interactions while at school.

e r/AskMen posts discuss school in the context of dating or achieving career success.

"We use phrases such as right-leaning/conservative (or left-leaning/liberal) for lack of a popularly
understandable description.
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- dating
- career "‘\\
Education

i - sexi ducation
r/TheRedPill o -
school sexist teachings
¥  —dress code
r/Feminism

- boys falling behind
- educational funds
- male teachers

- safe spaces

- policies e.g. Title IX

Figure 5.11: Perspectives on Education.

5.1.2.7 Political Issues (Figure 5.12)
Political Issues are primarily discussed by r/MensRights and r/Feminism posts.

e Both mention political news (such as elections, political marches, and political fig-
ures).

e r/MensRights also discuss mandatory military drafts for men.

Political Issues
T~
- marches

¥ —recent politics

- marches

- mi|itary drafts r/Feminism

r/MensRights

Figure 5.12: Perspectives on Political Issues.

5.1.2.8 Self Esteem / Grooming (Figure 5.13)

r/TheRedPill, r/AskMen, and r/AskWomen posts are the most engaged in conversations
around self image and grooming.
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e Posts in r/TheRedPill mention Red Pill ideologies focused on self improvement, for
example, going to the gym as a way to gain alpha male status. Posts are strongly
critical of perceived un-attractiveness (in posters themselves and others). Some posts
present self improvement as a goal to work towards rather than working towards
“getting” women, while other posts mention self improvement will result in one being
irresistible to or holding sway over women.

e r/Feminism posts discuss dressing-related to topics such as how one’s dressing affects
how they are perceived, double standards and freedom in dressing, and objectifica-
tion. For example, posts mention being compelled to dress in a certain way at the
workplace (such as a certain kind of swimsuit during work trips or being fired for not
wearing heels).

e r/AskMen and r/AskWomen posts both show concerns such as dressing, hair, per-
sonal hygiene, self esteem, and anxiety issues. r/AskMen posts are more focused on
working out in gyms, often associating it with attracting the opposite sex. r/AskWomen
posts also discuss topics such as weight, diet, body image, and makeup.

r/AskMen r/AskWomen
- dressing - dressing
- hair . - hair
- hygiene " -hygiene
Self Esteem / Grooming
a o T
- self improvement - perception
- gym - double standards
- alpha male - freedom
- un-attractiveness - objectification

- as a goal / to get women - workplace

r/TheRedPill r/Feminism

Figure 5.13: Perspectives on Self Esteem / Grooming.

5.1.2.9 Dating / Flirting (Figure 5.14)

The patterns displayed here are similar to those displayed in Self Esteem / Grooming
(Section 5.1.2.8).
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e r/Feminism and r/MensRights posts discuss dating-related concerns such as consent
detailed in Sections 5.1.2.1.

e r/Feminism posts also reference dating in the context of Feminism. For example,
posters discuss women’s role in dating, and their experiences with dating as a Femi-
nist.

e r/TheRedPill posts focus on, for lack of a better term, dating games. They provide
advice on attaining women, dominance in relationships, online dating, and dating
philosophies using specific terminology (such as kino, sexual market value, and hot
babe (HB) rating).

e r/AskMen and r/AskWomen posts discuss online dating as well. r/AskMen posts
seek advice on communication, dating etiquette, and attracting women (in a manner
not as focused on dominance as r/TheRedPill). r/AskWomen posts contain similar
content in addition to posts that seek advice on saying no to people who approach
them.

r/AskMen
- dating advice r/AskWomen
- online dating - dating advice
- communication - online dating
- dating etiquette ‘ / - dating etiquette
- attract women ~ - sayingno

Dati n_g___/ F|| rting

a —a
- dating mantras - dating as Feminist
- attain women - woman's role

- dominancein consent - consent

relationships
- terminology I r!MensRi;hts I r/feminism
| r/TheRedPill I

Figure 5.14: Perspectives on Dating / Flirting.

5.1.2.10 Relationships (Figure 5.15)

This theme includes discussions of relationships of a non-romantic nature such as friend-
ships and parental relationships, in addition to romantic ones.
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e r/TheRedPill posts discuss friendships, marriage, divorce, and cheating or lying part-
ners. For example, posts discuss the disadvantages of engaging in long-term relation-
ships or LTRs (such as women feeling secure and not inclined to having sex), being
committed to a single partner, and mentions that women cannot be loyal, are dis-
gusted by weak men, and do not empathize with men’s world views. They discuss
how divorces are more detrimental for men than women, and offer breakup advice (for
instance, on how not to give their partner the ability to charge them with domestic
abuse).

e r/MensRights posts discuss the struggles posters have faced in their relationships,
such as violence from their wife or parent, emotional and physical abuse, divorce,
alimony (for example, paying for and tolerating ex-wife’s life and new partner), and
touch on male disposability in marriage. They discuss laws that influence marriage
and divorce (such as Canadian marriage laws and Indian penal code). They also refer
to the influence of Men’s Rights and Feminism on their relationships (expanded on
in Section 5.1.2.14).

e r/Feminism posts discuss the influence of Feminism on their relationships as well
(expanded on in Section 5.1.2.14). They discuss topics such as changing names after
marriage.

e In r/AskMen, posts discuss friendship-related questions such as friendships with the
opposite sex, being taken advantage of because of being nice, friend zones, how to stay
close to friends who have moved apart, to become friends with someone without com-
ing off as “creepy”, and why it is not acceptable for men to hug friends. They discuss
various romantic relationship topics, for instance, monogamy, polyamory, public dis-
plays of affection, LTRs, communication, bedroom mishaps, loyalty, jealousy, dealing
with their girlfriend’s families, and breakups.

e r/AskWomen posts seek advice on maintaining successful and healthy relationships,
dealing with family reactions to relationships, successfully saying no, and fidelity
problems posters have faced from partners. Posts discuss marriage issues such as
engagements, rings, weddings, and changing one’s name after marriage as well.

5.1.2.11 Work (Figure 5.16)

e Both r/MensRights and r/Feminism posts discuss discrimination, sexism, and harass-
ment one faces at work (mostly towards men and women, respectively). Both discuss
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r/AskMen r/AskWomen

- stereotypical friendship, - ste_reotypical friendship
relationship concerns relationship concerns
. P saying no

-~ -marriage issues
~—

__Relationships

-
N
\, —a

—dlsadyantage of ltr, N\ - name change
commitment ) - Fem influence

- ornen diSIO)raI‘ - abuse
i - i r/Feminism

dls_gusted by weak men divorce, alimony

- divorce worse for

men, breakup advice - [:j:: dlisposabilty

r/TheRedPill - Fem, Mra influence

Figure 5.15: Perspectives on Relationships.

the wage gap, with posts in r/MensRights being more skeptical of it than posts in
r/Feminism. r/MensRights posts also mention topics such as repercussions of false
harassment charges at work, retirement gap, and dangers and fatalities associated
with jobs held by men.

e r/TheRedPill discussions of work are distinct from the above. Posts associate career
success with being the alpha (or dominant) in life, mention problems one faces with
women at their workplace, or with working women in general.

e 1/AskMen and r/AskWomen posts refer to common work concerns such as job search
and interviews. r/AskWomen posts additionally discuss topics such as navigating
sexism at work or male dominated workplaces.

5.1.2.12 Family (Figure 5.17)

e r/Feminism posts discuss parenting concerns. For instance, posts seek advice on
protecting children from violence, or raising children whose parents have been victims
of domestic violence.

e r/MensRights posts also mention parenting concerns such as protecting children,
father’s rights, and roles of father figures. Posts further discuss matters such as
parental rights, repercussions of divorce, child support, child custody or visitation
rights, paternity leave, and parental alienation. Posters mention the appreciation (or
lack of) fathers receive from society as compared to mothers.
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- | T
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T WOMEN WOrKPIace _ harassment - wage gap
- wage gap r/Feminism

r/MensRights

Figure 5.16: Perspectives on Work.

e r/TheRedPill posts demonstrate a dichotomy in attitudes towards long-term rela-
tionships (LTRs). On the one hand, posts advise readers not to engage in LTRs and
instead engage in multiple relationships at the same time (“spinning plates”). At
the same time, some posts advise on how to practise Red Pill philiosophies while
in an LTR (for instance, to maintain dominance over one’s household or wife).
r/TheRedPill posts also comment on topics such as divorce rape.

e The topics discussed in r/AskMen and r/AskWomen posts are similar. r/AskMen
posts seek advice on divorce, families, dating women with children, or other aspects
of married life. r/AskWomen posts seek advice on families as well, but more often
related to children. They discuss abortion, family planning, parenting tips, and
concerns for children’s safety.

5.1.2.13 Sex / Pornography (Figure 5.18)

e Sex, consent, and related topics such as sexual assault (detailed in Section 5.1.2.1)
are discussed by both r/MensRights and r/Feminism posts.

e r/TheRedPill posts describe posters’ sexual encounters in various contexts, for ex-
ample to demonstrate how “good” or powerful they are.

e r/AskMen and r/AskWomen posts contain a variety of stereotypical sex-related con-
cerns.
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r/AskMen r/AskWomen

- abortion
__» - family planning
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Figure 5.17: Perspectives on Family.
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Figure 5.18: Perspectives on Sezx / Pornography.
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5.1.2.14 Gender Movements (Figure 5.19)

Each of r/TheRedPill, r/MensRights, and r/Feminism posts discuss the movement they
are aligned with.

e r/Feminism posts contain general discussions on Feminism, for example, discussing
different waves of the Feminist movement and its presence in politics and media. They
mention that Feminism is often perceived negatively on Reddit, advertise Feminism-
related support groups, and discuss friendships and relationships in the context of
Feminism. For example, posts seek advice on dealing with friends who are sexist or
have been accused of assault.

e r/MensRights and r/TheRedPill posts regard Feminism in a negative light. Both
subreddits discuss negative ways Feminism impacts their friendships, relationships,
environments, or politics.

e r/MensRights posts additionally mention movements such as The Red Pill, Men
Going Their Own Way (MGTOW), and Incels. They also advertise Men’s Rights
support groups.

e r/TheRedPill posts discuss various Red Pill philosophies, for instance Game (detailed
in the Appendix).

Gender
Movements
- trp - Fem - what, why,
- Fem - women waves, politics
- Fem - politics _ trp. mgtow, incels - media

H/TheRedpill (spread, public image) - Fem way to deal with

- mra groups, support sexism, friends

- Fem - negative - dating

- Fem - friend & dating - Reddit sup & o/w
- Fem - work, religion - Fem groups

- Fem - Reddit support
r/MensRights

Figure 5.19: Perspectives on Gender Movements.

5.1.2.15 Media (Figure 5.20)

Posts in all three movement subreddits recommend authors, books, videos, and other
sources that are relevant to the movement.
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e Both r/MensRights and r/Feminism posts debate over the portrayal of their move-
ment or men and women in general in popular media. For example, r/MensRights
posts discuss gender-swapped movie remakes and women-only screenings of the movie
Wonder Woman. r/Feminism posts similarly discuss gender-swapped movie remakes,
sexist character archetypes, or the Bechdel Test.

e 1/AskWomen posts ask for media recommendations and discuss books and television.
They also discuss media in the context of women, such as the representation of women
in media.

r/AskWomen

- recommendations,
__— discussions
- representation

Media .
I - recommendations
»~ % - portrayal in media
- recommendations - gender-swapped

r/TheRedPill | - recommendations movie remakes

- portrayal in media - sexist archetypes
- gender-swapped - bechdel test

movie remakes .
r/Feminism

- women-only
screen